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I don’t want to live on in my work,
I want to live on in my apartment.

Woody Allen
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Notation

�,�,�,� set of natural, integral, real, and complex numbers, respectively

(·)T matrix/vector transpose

(·)∗ complex conjugate

a = (a0, . . . , an−1)T n-vector

A=
�
Amn

�
m× n matrix

x = (x0, x1)T ∈ �2 pixel position 2-vector

f = ( f0, f1)T ∈ �2 Fourier domain 2-vector

z = (z0, z1)T ∈ �2 z-domain 2-vector

j =
�−1 complex unit

e(·), exp(·) element-wise natural exponentiation, s.t. ex = (ex0 , ex1)T

ln(·) element-wise natural logarithm

arg(·) argument (phase) of a complex number or 2-vector

s : x �→ s(x ) 2D field �2→ �
s− : x �→ s(−x ) 2D field conjugate to s
s ∗ h 2D convolution

δ(x ) = δ(x0)δ(x1) Kronecker delta

s(x )
Z
� S(z) 2D z-transform of s

s(x )
F
� S(e j2π f ) 2D Fourier transform of s

P(·) probability

p(·) probability density

p(· | ·) conditional probability density

E{·} expectation

Re{·} real part

Im{·} imaginary part

|a|=�aTa∗ real/complex/vector magnitude

|M | cardinality of the set M
∂ ·
∂ t

partial derivative with respect to t∫ · d f double integral with respect to elements of f

� = (−1/2, 1/2]2 unit square
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